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Abstract

Pedestrian-friendly urban environments are crucial for enhancing quality of life. Conventional environments evaluations are resource-intensive

and often emphasize only quantitative metrics.
openness, complexity, and greenery, by analyzing 1,050 street view

This study investigates key qualitative features of pedestrian perceptions,

focusing on

images with corresponding surveys. Panoptic segmentation was applied to

extract segment features, aiming to identify influential factors for predicting pedestrian-oriented street quality. Correlation analysis showed all

survey factors were significantly related to satisfaction, while SHAP revealed nonlinear effects of image features on streetscape quality. The

results highlight the potential of image-based machine learning for systematic assessment of urban street environments.

7|9E : AH2|F O|O|X|, EXt Q4 Hastd, S8, WLd, =X, THsE MIMEO|M, AFZ 24
Keywords : Street view Images, Pedestrain perception, Walkability, Complexity, Openness, Greenery, Panoptic segmentation, SHAP analysis
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