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Identification of causal structure and analysis of causal path

- from weather data to building energy-
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Abstract

Conventional building energy analyses tend to focus primarily on input-output correlations, which risks conflating spurious inter-variable

associations. Although causal inference approaches that consider cause—effect relations among variables have been introduced to address this

limitation, it remains impractical for researchers to explicitly specify all causal relations among the measured variables. Accordingly, this

study applies causal discovery to identify causal relations between building and climatic variables and proposes a method for identifying

potential biasing paths that can create spurious associations between causes and outcomes. The results indicate that the PC algorithm

provides meaningful insights for the weather data, and analysis of the extended causal structure reveals identifiable biasing paths.
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